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Abstract:
terference analysis. The existing on-board recognition methods have low intelligence degree and poor adaptability. In order

Modulation recognition is one of the key technologies in satellite communication anti-interference and in-

to solve these problems, an intelligent recognition method based on multi-fractal spectrum and deep learning is proposed.
Firstly, the multi-fractal spectrum characteristics of common satellite communication signals are analyzed, a multi-fractal ei-
gendomain matrix is constructed. On this basis, the eigendomain matrix is combined with the deep learning residual net-
work, and the structure of the residual network is optimized and improved according to the multi-scale idea, and the multi-
layer autonomous detail feature extraction advantage of the improved residual network perfectly corresponds to the multi-
scale feature characterization capability of the multi-fractal spectrum. Finally, the modulation of satellite communication sig-
nal is effectively recognized. The simulation results show that this method has good recognition performance, when the

SNR is not lower than 1 dB, the average recognition rate is greater than 8§9%.
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